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reduce the gap over the relative
importance of the high-tech sector as compared with the US
(EC, 2010)
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would allow for all the right correlations?

I The available literature does not provide an answer if we
consider all the three elasticities (and the two variants using
the data on production and the number of rms).
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Quantication:

we nd consistency with the empirical

relationships if we allow for the simultaneous existence of:
I

Some scale eects on growth (associated with positive but
small market-complexity costs in vertical R&D);

I

High barriers to entry into the high-tech vis-à-vis the
low-tech sector (associated with relatively large xed R&D
costs in the high-tech sector).
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intermediate goods;

I The economy is populated by a xed number of innitely-lived

households who inelastically supply either low- or high-skilled
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I Households make consumption decisions and invest in rms'
equity.
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high- and low-tech sectors in the data

(e.g., Cozzi and Impuliti, 2010).
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ÊHG̃/L

( .

)

( .

)

( .

)

( .

)

(s.e.)
-0.0915 0 330
-0.1225 0 331
-0.0663 0 362
-0.1081 0 365
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larger the relative barriers to entry, the smaller the
impact of the proportion of high-skilled labour on a
country's growth rate.

I The

I

Robustness check

(besides considering the extreme bounds of

the condence intervals of the estimates of the structural
parameters):
I Consider the

initial (1995) value for the skill-structure

regressor to account for a possible simultaneity bias issue. The
results vary very little across scenarios.

Policy implications (I)
Table 2. Counterfactual: reduction of ζ that leads to a signicant
positive estimate of the growth-skill elasticity.

ζ old
ζ new
chg in ζ
Avg G̃
ÊHg̃ /L
Ê bG̃˜

X

0.175
0.378
2.642 3.915 2.642 3.915
0.520 0.615 0.380 0.470
-80.3% -84.3% -85.6% -88.0%
4.789% 4.678% 6.522% 6.135%
0.171 0.171 0.170 0.170
0.200 0.199 0.293 0.293
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I A reduction in relative barriers to entry is eective in increasing the

growth in countries with a larger
proportion of high-skilled workers benets more from such a
reduction. [e.g., Ireland versus Portugal].
growth-skill elasticity:

Policy implications (II)
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I An increase of the European growth rate by 0.1 percentage points
requires a change in
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H /L

⇒
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ζ
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and

ζi = ζ̄ · ζic .

I We quantify

φci

and

ζic

= φ̄ · φci

by allowing them be random variables

uncorrelated with each country's skill structure.

I The addition of country-specic barriers does not aect our results

⇒

the

homogeneous component is the most relevant to explain

the observed cross-country growth-skill elasticity.

Country-specic barriers (II)
Figure 6.

Country-specic components of relative barriers to entry

(horizontal entry [blue] and vertical entry [red]) per country

Country-specic barriers (III)

Figure 7.

Country-specic components of relative barriers to entry
(horizontal versus vertical entry)

Country-specic barriers (IV)
Table 4.

Selected countries from our sample.

φ̄ = 16.557
Country

φci

ζ̄ = 3.216

Impact of a 85% reduction in

ζ

on growth

ζic

Homogeneous case

Country-specic case
88%

Belgium

1.3298

1.2359

102%

Czech Republic

0.9304

0.9510

60%

64%

Finland

1.6172

1.1142

115%

108%

France

1.0031

0.7497

76%

99%

Germany

0.5231

0.8138

102%

123%

Greece

2.0633

1.7093

59%

37%

Ireland

1.3493

0.9634

128%

135%

Italy

0.5144

0.7065

38%

54%

Netherlands

0.8716

1.0205

87%

88%

Norway

1.1566

1.2374

81%

69%

Poland

0.5656

0.9996

65%

67%

Portugal

2.7977

1.2352

30%

25%

Spain

1.6942

1.3308

89%

72%

United Kingdom

0.6497

0.7409

88%

115%

Country-specic barriers (V)
Table 5.

Correlation of the country-specic relative barriers to entry

with the countrywide regulatory costs to create a business and nancial
depth indicators.

ζic

φci

Number of procedures 1999

0.261 (1.210)

0.212 (0.970)

costs to create

Number of days 1999

0.284 (1.325)

0.301 (1.413)

a business

Cost 1999 (% pcGDP)

0.199 (0.910)

0.141 (0.637)

Liquid liabilities 1995 (% GDP)

-0.297 (-1.393)

-0.300 (-1.406)

Financial

Gross portfolio debt liabilities 1999 ()

-0.243 (-1.120)

-0.256 (-1.187)

depth

Gross portfolio equity liabilities 1999 ()

-0.156 (-0.708)

-0.217 (-0.992)

indicators

Stock market capitalization 1995 ()

-0.140 (-0.634)

-0.237 (-1.089)

Domestic credit to private sector 1995 ()

-0.262 (-1.213)

-0.276 (-1.284)

Banks' assets 1995 ()

-0.224 (-1.028)

-0.234 (-1.077)

Regulatory
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I However: the eectiveness of the barriers-reducing policy is
negatively related to the initial level of those barriers, which implies

barriers must be brought down to considerable low levels
before they start producing signicant results.
that

Final remarks (II)
I The role of relative barriers to entry in explaining the observed

interaction of the
homogeneous component of relative barriers with each
country's skill structure, instead of on the variability of the
cross-country growth elasticities relies on the

country-specic component of relative barriers across countries.

Final remarks (II)
I The role of relative barriers to entry in explaining the observed

interaction of the
homogeneous component of relative barriers with each
country's skill structure, instead of on the variability of the
cross-country growth elasticities relies on the

country-specic component of relative barriers across countries.
I Regulatory costs versus non-regulatory costs?

Final remarks (II)
I The role of relative barriers to entry in explaining the observed

interaction of the
homogeneous component of relative barriers with each
country's skill structure, instead of on the variability of the
cross-country growth elasticities relies on the

country-specic component of relative barriers across countries.
I Regulatory costs versus non-regulatory costs?
I As our data set comprises only European countries, this may be

consequence of the common, supranational, regulatory
framework impinged on the EU production sectors.
a

Final remarks (II)
I The role of relative barriers to entry in explaining the observed

interaction of the
homogeneous component of relative barriers with each
country's skill structure, instead of on the variability of the
cross-country growth elasticities relies on the

country-specic component of relative barriers across countries.
I Regulatory costs versus non-regulatory costs?
I As our data set comprises only European countries, this may be

consequence of the common, supranational, regulatory
framework impinged on the EU production sectors.
Our reduced-form results also suggest that a reduction of overall
regulatory costs to create a business or an increase in a
country's nancial development may be associated with the
reduction of relative barriers to entry into the high-tech
sector. Given the exploratory nature of our results in this regard,
a

I

this is a topic that deserves further investigation in future work.

Thank you!

